ZAHE AR 0 EQ AT E &g
g2 o] REo] & A5 7
uEs°, 4718
= r|ed
{jhn9803, kekim } @kaist.ac.kr
Enhancing reasoning performance of Large Language Models
via Conditional Variational Autoencoder
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1 Find all values of x that satisfy the equation = =/11 — 2z + 4.
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2) huggingface.co/jinaai/jina-embeddings-v3
3) huggingface.co/HuggingFaceTB/SmolLM2-1.7B-Instruct
4) huggingface.co/meta-llama/Llama—-3.2-1B-Instruct

Model | Method GSMS8K MATH
Greedy Decoding 234 9.9
Top-k 37.2 13.6
SmolLM | oo p 40.7 152
R-CVAE 43.2 18.4
Greedy Decoding 234 10.8
Top-k 37.2 18.2
Llama b 39.0 19.8
R-CVAE 41.9 21.7
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